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Z2{: N. Kalchbrenner, et al., “Efficient neural audio synthesis,” arXiv:1802.08435, 2018.
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Z£2{: R. Prenger, et al., "WaveGlow: A flow-based generative network for speech synthesis." in Proc. ICASSP, 2019.
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“WaveNet: A generative model for raw audio,” CoRR abs/1609.03499, 2016.
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£ R. Yamamoto, et al., “Parallel WaveGAN: A fast waveform generation model based on generative adversarial networks with multi-resolution
spectrogram,” in Proc. ICASSP, 2020, pp. 6194-6198.
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£ R. Yamamoto, et al., “Parallel WaveGAN: A fast waveform generation model based on generative adversarial networks with multi-resolution
spectrogram,” in Proc. ICASSP, 2020, pp. 6194-6198.
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£ E. Song, et al., “Improved Parallel WaveGAN with perceptually weighted spectrogram loss,” submitted to Proc. SLT, 2021.
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